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Building A Generic Policy for Stock Trading Agents Using Reinforcement Learning
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This paper proposes a way to build a generic policy for stock trading agents using reinforcement learning. We have

proposed a method to build a pair trading policy in Kaburobo. Pair trading is a basic strategy for stock trading,

which is also used by investment funds. In this paper, we investigate the state space and the state distribution

in the pair trading agent which we proposed, and shows the policy is useless for arbitrary stock pairs. We then

propose that the states are represented by the percentage of difference from moving average.
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